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Background

In advanced non-small cell lung cancer (NSCLC), most patients
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Basic Marker (Value) Classifiers

To assess basic predictive potential of the tumor markers, receiver

Single & Multiple-Marker PrediCare

PrediCare was designed to input, at any given time, one to three
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Tumor Markers

deteriorate rapidly and die within 1 year of diagnhosis!. Forecasting operating characteristic (ROC) analysis was applied to marker tumor markers and output a prediction of progression expected to > [ogee— || 1% e [|8%.q, o
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sufficient response
evaluations and tumor
marker assessments.

Table 2. Performance of simple classifiers using tumor marker values. Each
classifier was derived from ROC-analysis using one marker. The results are
shown in comparison to the reference index, specifying the performance of a
classifier that uses no information.

larger marker panel is underway.

Merging features from three markers, PrediCare showed much better
prediction capacity than any parallel single-marker algorithm (Table 3)
or double-marker algorithms (data not shown).

Patients undergoing PrediCare analysis
(n=167)
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